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/l“\\ Gauss siireci regresyon modeli

y=f+¢
f|X ~ Normal(f; 0, K)
£|02 ~ Normal(&; 0, 051)

k(x1,x1) k(xo,21) -+ k(xn,z1)
K k(x1,22) k(z2,22) -+ k(xn,x2)

k(x1,xn) k(z2,zNn) - k(xn,xN)
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/l“\\ Gauss siireci regresyon modeli

—f+¢
f|X ~ Normal(f; 0, K)
£|02 ~ Normal(&; 0, 051)

k(mbml) k(m27m1) k(vaml)
K — k(a:l,azg) k(wg,a}z) k(CBN,mg)
k(azl,mN) k(wz,a?]v) k(:l:N,mN)

Elya., X, y, 03] = k] (K +oyD)™!

Var[y*| Ly, Xv Yy, 05] = k‘(m*, l‘*) - kI(K + 0'2211)_1]6* 643
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/l‘l\\ Yapisal Gauss siireci regresyon modeli

k(zi, ;) = k((s1,tp), (8m,tq)) = ks(81, Sm)ke(tp, tg)

K=K;®K;

Elyz., X, Y, 00] = (ksx @ ki) (Ko ® Ky + 021) 7 vec(Y)
Varly, |z, X, Y, 00] = ks(ss, $0)ke(t, t) — (ks @ k) T (Ko @ Ky 4+ 021) 7 (K o @ Koty
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Farkli hastaliklarin transfer 6grenimi ile modellenmesi
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Farkli hastaliklarin transfer 6grenimi ile modellenmesi
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Erken ve gec asama tiimérlerinin ayristiriimasi

Cohort

Disease name

Stage I Stage II Stage III Stage IV Early (E1) Late (E1) Total (E1) Early (E2) Late (E2) Total (E2)

ACC

BLCA
BRCA
COAD
ESCA
HNSC
KICH
KIRC
KIRP
LIHC
LUAD
Lusc
MESO
PAAD
READ
SKCM
STAD
TGCT
THCA
UVM

Adrenocortical carcinoma

Bladder urothelial carcinoma

Breast invasive carcinoma

Colon adenocarcinoma

Esophageal carcinoma

Head and neck squamous cell carcinoma
Kidney chromophobe

Kidney renal clear cell carcinoma
Kidney renal papillary cell carcinoma
Liver hepatocellular carcinoma

Lung adenocarcinoma

Lung squamous cell carcinoma
Mesothelioma

Pancreatic adenocarcinoma

Rectum adenocarcinoma

Skin cutaneous melanoma

Stomach adenocarcinoma

Testicular germ cell tumours
Thyroid carcinoma

Uveal melanoma

9

2
181
75
16
25
20
265
172
171
274
244
10
21
30
2
53
55
281
0

37
130
619
176

69

70

25

57

21

86
121
162

16
140
247
128
49
78
14
123
51
85
84
84
44
3
51
27
150
14
112
36

15
134
20
64
8
259
6
82
15
N
26
7
16
4
24
3
38
0
55
4

Total

181
75
16
25
20

265

172

171

274

244
21
30
53
55

281

1883

886
368
126
407

45
262

87
176
231
253

153
126

299

219

3664

174

352
81
500

5547
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132
800
251

85

95
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193
257
395
406
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333

39

3738

31
274
267
192

57
337

20
205
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90
110

91

60

75

30
188
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40

2300

77
406
1067
443
142
429
65
527
259
347
505
497
86
156
98
352
500
79

6038
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/l‘l\\ Kanser hastalarinin sag kalim analizi

Multiple kernel learning

Gene set;

Genes

Patients
Patients

P j

/ X; Survival
Genes Patients __analysis _
. m \ 1 !
a 3 2 @1 :
= = 1
o o) |
T i ? f 1
o o : \ :
np '!_____T____l
X \ / K, | Y
XP | Vital Days to Days to last
@ @ | status death follow-up
2 2 1
H S I Alive NA 678
o T ! Dead 364 NA
() (a0 g 5 ;! _ _
! N | : H H
@ @ Genes : Patients : Alive NA 2555
| | Dead 520 NA
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/l“\V Kanser hastalarinin sag kalim analizi

o @ @) . O

OV PAADREADSARC STAD UCEC

BLCA BRCA CESC COAD ESCAGBM HNSC KIRC KIRP LAML LGG LIHC LUAD LUSC
(402)  (1067) (291) (433) (160) (152) (498) (526) (285) (130) (506) (365) (500) (498) (372) (176) (156) (256) (348) (539)

m 20 cancer types
m 7,655 patients
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3 Sag kalim analizi icin destek vektér makineleri
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/l‘l\\ Sag kalim analizi icin cok cekirdekli destek vektér makineleri
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Coklu gorev 6grenimi ile sag kalim analizi

Gene set;

Patients
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bl
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multiple kernel learning
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r death follow-up
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\\",' 2. Destekler
Uy

m Tirkiye Bilimsel ve Teknolojik Arastirma Kurumu (TUBITAK)

m Hesaplamali Onkoloji icin Yolak Tabanl Cekirdek Ogrenme Algoritmalari
(EEEAG 117E181)

m Tirkiye Bilimler Akademisi (TUBA)
m Ustiin Basarili Geng Bilim insanlarini Odiillendirme Programi (GEBIP)

m Bilim Akademisi (BA)
m Bilim Akademisi Geng Bilim insanlari Odil Programi (BAGEP)
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